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Abstract 

The main focus of logistic regression analysis is classification of individuals in different 
groups. The aim of the present study is to explain basic concepts and processes of binary 
logistic regression analysis intended to determine the combination of independent vari¬ 
ables which best explain the membership in certain groups called dichotomous depen¬ 
dent variable. Independent variables in this study are as follows: total score in the Scien¬ 
tific Thinking Skills Scale, total score in the Epistemological Belief Scale and total sco¬ 
re in the Fatalism Scale. The dependent (predicted, criteria) variable is the level of critical 
thinking. While the three independent variables are constants, the dependent variable is 
defined as a categorical variable to include high and low critical thinking levels. The study 
group consists of 200 students from Ankara University, Faculty of Educational Sciences, 
Department of Guidance and Psychological Counseling during the 2006-2007 academic 
years. In the study, the following were used: the Epistemological Belief Scale adapted to 
Turkish by Deryakulu and Biiyiikozturk (2002), the California CriticalThinking Dispo¬ 
sition Scale adapted to Turkish by Kokdemir (2003), the Scientific Thinking Skills Scale” 
developed by Giindogdu (2002) and the Fatalism Scale” developed by ^ekercioglu (2008). 
The study presents information about how to relatively assess each application step of lo¬ 
gistic regression analysis. When the coefficient predictions of aimed model variables at 
the end of the study are considered, it is observed that a one-unit increase in the predicti¬ 
ve variable of scientific thinking skills leads to an increase of 14.4% in high critical thin¬ 
king odds. It is also seen that a one-unit increase in the predictive variable of epistemolo¬ 
gical belief leads to an increase of 4.9% in high critical thinking odds. 
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Researchers almost from every discipline would like to define work¬ 
ing principles of systems based on gathered data and they turn towards 
abstract structures to explain such systems. It is possible to define these 
abstractions as the term “model”. A model is shaping information or 
concerns in a case, depending on certain principles (Tathdil, 1996). In¬ 
tended use of logistic regression analysis is the same as those of other 
model structuring techniques in statistics. In such analysis, the main 
goal to form an acceptable model which could define the correlation 
between dependent (predicted) and independent (predictive) variables 
in best fit with the least variable (Atasoy, 2001). 

The use of logistic regression model dates back to 1845. It first appeared 
during the mathematical studies for the population growth at that time 
(Giircan, 1998). The term logistic regression analysis comes from logit 
transformation, which is applied to the dependent variable. This case, at 
the same time, causes certain differences both in estimation and inter¬ 
pretation (Hair, Black, Babin, Anderson and Tahtam, 2006). Logistic 
regression analysis is also called “Binary Logistic Regression Analysis”, 
“Multinominal Logistic Regression Analysis” and “Ordinal Logistic 
Regression Analysis”, depending on the scale type where the depend¬ 
ent variable is measured and the number of categories of the dependent 
variable. Logistic regression is divided into two: “univariate logistic re¬ 
gression” and “multivariate logistic regression” (Stephenson, 2008). 

The main focus of logistic regression analysis is classification of individ¬ 
uals in different groups. The aim of the present study is to explain basic 
concepts and applications of binary logistic regression analysis intended 
to determine the combination of independent variables which best ex¬ 
plain the membership in certain groups called dichotomous dependent 
variable. 

Data related to confronted and researched cases in applied social sci¬ 
ences are mostly categorical (nominal) data with discrete value or data 
obtained by an ordinal scale. For instance, a man either works or unem¬ 
ployed; he is either a member of a group or not; the party in power is 
either from the right wing or the left wing; a student is either a graduate 
or not (Arabaci, 2002; Kilig, 2000; Mertler & Vannatta, 2005). In edu¬ 
cational research, many problems relate with prediction of categorical 
results. For example, a student is either academically successful or not; 
he is either a slow learner or not; a teenager either has a tendency to¬ 
wards risky behavior or not (Peng, Lee & Ingersoll, 2002). For instance, 
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in a study by Kayri and Okut (2008), the individuals in special ability 
exam of a university for the Department of Physical Education and 
Sports Teaching were modeled using mixed logistic regression analysis 
as those achieved or not (or those who get into the department or not) 
according to gender. Multivariable statistical analysis of categorical data 
is of importance for almost every discipline. Logistic regression analysis, 
with its advantage of being more eligible than other analysis and with 
its regression logic, has an important place in categorical data analysis 

(Kill?, 2000). 

Over the past years, logistic regression has been commonly used (Cook, 
2008; Garson, 2008; Mertler & Vannatta, 2005; Seven, 1997; Tabach- 
nick StFidell, 1996). Logistic regression is similar to both multiple re¬ 
gression and discriminant analysis. Simple and multiple linear regres¬ 
sion analysis are used to analyze the mathematical correlation between 
dependent (predicted or criteria) variables and independent (predictive 
or explanatory) variable or variables. In data sets where these methods 
could be used, it is essential that the dependent variable display a nor¬ 
mal distribution, independent variables consist of a variable or variables 
with normal distributions and error terms variance display a normal 
distribution. Under no such circumstances, simple or multiple linear re¬ 
gression analysis cannot be used (Kilig, 2000). 

Although regression equation varies, basic terms of multiple linear re¬ 
gression analysis are the same as the terms of logistic regression (George 
and Mallery, 2000). A standard regression equation consists of true val¬ 
ues of a few independent variables and weights produced by the model 
to predict the value of the dependent variable. On the other hand, in 
logistic regression, the estimated value ranges from 0 to 1. More clearly, 
logistic regression reveals the possibility of particular consequences for 
each subject (for example; “passed” or “failed”). The analysis produces 
a regression equation which enables us to make an accurate estima¬ 
tion for the possibility that an individual falls into one of the categories 
(“passed”) or (“failed”) (Tate, 1992). As a result, the main difference 
between the two techniques is that the value of the dependent variable 
is estimated in multiple linear regression analysis, while the possibility 
of occurrence of one of the values which the dependent variable might 
have is estimated in logistic regression analysis (Bircan, 2004). 

Logistic regression is an analysis which enables us to estimate categori¬ 
cal results like group membership with the help of a group of variables. 
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Independent variables could be constant or categorical. Also, discrimi¬ 
nant analysis aims at explaining and predicting group membership us¬ 
ing a group of independent variables. When all these definitions are 
taken into account, it is clear that discriminant analysis and logistic 
regression analysis enable us to answer the same questions. In addi¬ 
tion, logistic regression analysis and discriminant analysis are similar in 
that they both have a categorical dependent variable (Buyiikozturk & 
£okluk-Bokeoglu, 2008). However, logistic regression analysis differs 
from discriminant analysis and multiple regression analysis at certain 
points (Tabachnick 8cFidell, 1996). Logistic regression analysis, unlike 
discriminant analysis and multiple regression analysis, does not require 
assumptions to meet concerning the distribution of independent vari¬ 
ables. In other words, assumptions such as normal distribution of inde¬ 
pendent variables, linearity and equality of variance-covariance matrix 
do not have to be met. Therefore, it might be suggested that logistic 
regression analysis is much more flexible than the other two techniques. 
Also, it is sensible to state that it is easier to interpret the mathemati¬ 
cal model obtained as a result of analysis by logistic regression analy¬ 
sis (Akkuip and £elik, 2004; Grimm and Yarnold, 1995; Kalayci, 2005; 
Leech, Barrett and Morgan, 2005; Poulsen and French, 2008; Tabach¬ 
nick and Fidell, 1996; Tatlidil, 1996). However, since maximum likeli¬ 
hood method, unlike least squares method is used in logistic regression 
analysis to obtain coefficients, it is important not to study with a low 
number of observations, because in estimations by low numbers of ob¬ 
servations, reliability of the model decreases. 

Although logistic regression could be used to predict a dependent vari¬ 
able with two or more categories, as it is mentioned above, the present 
study concerns only a dichotomous dependent variable, in other words, 
where the dependent variable is dichotomous. Therefore, it is aimed to 
introduce application processes of binary logistic regression analysis us¬ 
ing real data. It is thought that introducing and illustrating logistic re¬ 
gression analysis will be useful for further use in applied social sciences 
such as education and psychology. 

The study is correlational research. Correlational research includes 
studies where the correlation between two or more variables is exam¬ 
ined, without any variable manipulation (Buyiikoztiirk, Kiliq £akmak, 
Akgiin, Karadeniz, &Demirel, 2008). The independent variables in this 
study are as follows: total score in the Scientific Thinking Skills Scale, 
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total score in the Epistemological Belief Scale and total score in the Fa¬ 
talism Scale. The dependent (predicted, criteria) variable is the level of 
critical thinking. While the three independent variables are constants, 
the dependent variable is defined as a categorical variable to include 
high and low critical thinking levels. 

The study group consists of 200 students from Ankara University, Fac¬ 
ulty of Educational Sciences, Department of Guidance and Psycho¬ 
logical Counseling during the 2006-2007 academic years. In the study, 
the following were used: the Epistemological Belief Scale, developed by 
Schommer (1990) and adapted to Turkish by Deryakulu and Biiyukoz- 
tiirk (2002, 2005), the California Critical Thinking Disposition Scale 
adapted to Turkish by Kokdemir (2003), the Scientific Thinking Skills 
Scale developed by Giindogdu (2002) and the Fatalism Scale developed 
by §ekercioglu (2008). 

In the study, the students were divided into two groups according to 
their scores from the California Critical Thinking Disposition Scale as 
high and low critical thinking level groups.The scores for this classifica¬ 
tion were almost the normal distributed arithmetic mean was used as 
cut-off point. The mean of the group according to their scores from the 
scale was approximately 220 and the students with the same or a lower 
score were assigned to “low”, those with a higher score were assigned to 
“high”critical thinking level category. Thus, the dichotomous dependent 
variable for the analysis was obtained. 

In binary logistic regression analysis, it is essential that the categories 
of dependent variable should be encoded as 0 and 1 in the analysis. In 
our case, 0 shows low critical thinking level and 1 means high critical 
thinking level. Accordingly, the coefficients obtained reflect the effects 
of the variables of scientific thinking, epistemological belief and fatal¬ 
ism on the possibility of having a high critical thinking level, since the 
category encoded as 1 shows “high” critical thinking level. For the study 
could be defined as exploratory by nature, a stepwise method was pre¬ 
ferred. Although forward methods have some disadvantages, Todman 
and Dugard (2007) state that they present more reliable results when 
the number of parameters is low and emphasize similar results are ob¬ 
tained, although different selection criteria are used. Therefore, in this 
study, logistic regression analysis is carried out using “Forward Likeli¬ 
hood Ratio-Forward:LR”. 
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In the study, before the application of logistic regression analysis, eigen¬ 
values, condition indexes, variance ratios and standard errors in predic¬ 
tive variables, tolerance, VIF values and bivariate correlations between 
variables were examined to probe the problem of multicollinearity be¬ 
tween variables. When all the findings obtained are considered, it is 
clear that there is no problem of multicollinearity between the predic¬ 
tive variables (Buyukoztiirk, 2009; Menard, 1995; Myers, 1990). 

The study presents information about how to relatively assess each ap¬ 
plication step of logistic regression analysis. In SPSS, when logistic 
regression analysis is used, first -2LL value of the baseline model or 
constant only model is presented. At further stages, with the predictive 
variable included in the model, there are changes in -2LL value. In 
other words, as the predictive variables are added to the model, there are 
developments in the model and model-data fit is improved. 

The results of logistic regression analysis in SPSS first present a clas¬ 
sification table.This case, at the same time, can be interpreted as the fact 
that in a constant only model, membership of only one group can be 
accurately classified (Kalayci, 2005). In this study, as a result of the anal¬ 
ysis, it was determined that all the students were classified in low criti¬ 
cal thinking category and the percentage of accurate classification was 
50.50 %. Following the classification table, the constant term which 
constituted the baseline model concerning Blok 0, standard error of the 
constant term, Wald statistics to test significance of variables (Agresti, 
1996), degree of freedom of Wald statistics and significance level, and 
Exp(B) or exponentiated logistic coefficients were assessed. 

When residual chi-square or the initial chi-square value is considered, 
it is clear that the value is significant. This case shows the coefficients 
of predictive variables which are not included in the model significantly 
differ from 0, in other words, adding one or more variables to the model 
will increase the predictive power of the model. It is also understood 
that all the predictive variables in the study considerably contribute to 
the model and further selection of variables is decided. 

Score statistics are Roa’s efficient score statistics for each variable and 
decide whether each variable significantly contributes to the model or 
not (Field, 2005). Here, significant score statistics of all variables means 
all predictive variables will potentially contribute to the model. 
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Then, the model was assessed with p value of chi-square statistics. A sig¬ 
nificant value means a current correlation between the combination of 
predicted variables and the predictive variables. Significant model chi- 
square statistics means refusing the null hypothesis (H 0 ) stating “There 
is no difference between the baseline model with the constant only and 
the final model obtained when predictive variables are analyzed or be¬ 
tween the former and the aimed model”: It also means supporting the 
correlation between predictive variables and the predicted variable. 

Next, changes in -2LL value of the baseline model were examined. This 
case shows improvements in the model, when one or more variables are 
added to the model. In our case, in the baseline or constant-only model, 
it was seen that the changes in the model fit were significant when the 
variable of epistemological belief with the highest score statistics was 
added at the first stage and the variable of scientific thinking at the 
second stage. 

Cox & Snell R 2 and Nagelkerke R' values represent two different ways 
of prediction for the explained variance in the dependent variable by the 
model and are interpreted in a similar way to R 2 in multiple regression 
(Field, 2005). When Cox & Snell R 2 values are examined, it is observed 
that when the predictive variable of epistemological belief at the first 
stage is included in the analysis, it explains 8.1% of the variance of the 
predicted variable of critical thinking, and when the predictive vari¬ 
able of scientific thinking skills at the second stage is included in the 
analysis, it explains 10.1% of the variance of the predicted variable of 
critical thinking, together with the two predictive variables. Nagelkerke 
R values are 10.8% for the first stage, and 13.5% for the second stage. 

Hosmer and Lemeshow chi-squared goodness of fit test assess logistic 
regression model fit as a whole. It is particularly more powerful than the 
traditional chi-square test when predictive variables are constant vari¬ 
ables or when there is a small sample. Here, the result of Hosmer and 
Lemeshow test is significant neither when only the predictive variable 
of epistemological belief at the first stage is included in the analysis, 
nor the predictive variable of scientific thinking skills is included in the 
analysis. This case shows a bivariate model is of acceptable fit, that is; the 
model-data fit is enough. 

When classification results after logistic regression model were exam¬ 
ined, it was determined that at first all the students were classified in 
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low critical thinking category and the percentage of accurate classifica¬ 
tion was 50.50%. As a result of logistic regression model, the ratio in 
low critical thinking is 54.50% and 63.60% in high critical thinking 
group at the first stage, for the classification according to the predictive 
variable of epistemological belief. The total percentage of accurate clas¬ 
sification at the first stage is 59.00%. When this case is compared to the 
original classification percentage, it might be suggested that the accu¬ 
rate classification percentage is increased when the predictive variable of 
epistemological belief is included in the analysis.The total percentage of 
accurate classification of the aimed model is increased to 63.50% at the 
second stage, when the variable of scientific thinking skills is included 
in the analysis, together with epistemological belief. This finding can be 
interpreted as an indicator of model-data fit. 

When the predictions of the variables of the aimed model variables 
were considered, it was seen that a one-unit increase in the predictive 
variable of scientific thinking skills led to an increase of 14.4% in high 
critical thinking odds. A one-unit increase in the predictive variable of 
epistemological belief led to an increase of 4.9% in high critical think¬ 
ing odds. When variable/variables were eliminated and whether that 
case affected the model was examined, it was determined that eliminat¬ 
ing the variables of epistemological belief and scientific thinking skills 
was not a good idea because both significantly decreased the predictive 
power of the model. 

As a result, logistic regression analysis is an alternative to discriminant 
analysis and cross level tables when assumptions such as normality and 
homogeneity of variance are not met, and it is the alternative of linear 
regression analysis when the dependent variable is a categorical variable 
including two (such as 0 and 1) or more levels, since the assumption of 
normality is invalid (Tatlidil, 1996). 

Intended use of logistic regression analysis is the same as those of other 
model structuring techniques in statistics. In such analysis, the main 
goal to form an acceptable model which could define the correlation 
between dependent (predicted) and independent (predictive) variables 
in best fit with the least variable (Atasoy, 2001). In other words, when 
the predicted variable (Y) is dichotomous or classified, the most eligible 
and economic model between the predicted variable and the predic¬ 
tive one or ones occurs (Seven, 1997). In the model, predictive variables 
generally referred as X are used to estimate the predicted variable Y. 
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Measuring predictive variables in order to estimate the predicted vari¬ 
able over a probation time and using the obtained regression equation 
to estimate the predicted variable in the future are common practices. 
In both cases, when the nature of correlation between variables X and Y 
is not fully known, it is essential to use data from the selected variables 
and define the correlation which could show the nature of the correla¬ 
tion to be used for prediction (Miller, 1990). 

The higher the number of variables to be included in a regression equa¬ 
tion designed to explain variance of the predicted variable, the less er¬ 
ror rate in the equation will be. However, problems and possible errors 
caused by workload for observation of each predictive variable and time 
limit for such observations would entail a decrease in the number of 
predictive variables. Therefore, accuracy of predictions should be high as 
much as possible and it is suggested to work with a reasonable number 
of predictive variables to lower systematic errors caused by data gather¬ 
ing using too many variables (Onder & Cebeci, 2001). 


1406 • EDUCATIONAL SCIENCES: THEORY & PRACTICE 


References/Kaynak^a 

Agresti, A. (1996). An introduction to categorical data analysis. New York: John Wi¬ 
ley and Sons. 

Akku§, Z., ve Qelik, M. Y. (2004, Eyliil-Ekim). Lojistik regresyon ve diskriminant 
analizi yontemlerinde dnemli olgiitler. VII. Ulusal Biyoistatistik Kongresinde sunu- 
lan bildiri. Mersin Universitesi, Tip Fakiiltesi, Biyoistatistik Anabilim Dali, Mersin. 

Arabaci, O. (2002). Lojistik regresyon analizi ve bir uygulama denemesi. Yayinlanma- 
mi§ yiiksek lisans tezi, Uludag Universitesi, Sosyal Bilimler Enstitiisii, Bursa. 

Atasoy, D. (2001). Lojistik regresyon analizinin incelenmesi ve bir uygulamasi. Yayin- 
lanmami§ yiiksek lisans tezi, Cumhuriyet Universitesi, Sosyal Bilimler Enstitiisu, Si- 
vas. 

Bircan, H. (2004). Lojistik regresyon analizi: Tip verileri iizerine bir uygulama. Ko- 
caeli Universitesi Sosyal Bilimler Enstitiisu Dergisi, 2,185-208. 

Biiyiikoztiirk, §. (2009). Sosyal bilimler ijn veri analizi el kitabi: Istatistik, ara§tirma 
deseni, SPSS uygulamalan veyorum (9. bs). Ankara: PegemA Yayincilik. 

Biiyiikoztiirk, §., 8c Qokluk-Bokeoglu, O. (2008). Discriminant analysis: Concept 
and application. Eurasian Journal of Educational Research , 33, 7 3-92. 

Biiyiikoztiirk, §., Kil^-Qakmak E., Akgiin, O. E., Karadeniz, §. ve Demirel, F. 
(2008). Bilimselara§tirmayontemleri (2. baski). Ankara: PegemA Yayincilik. 

Cook, D. (2008). Binary response and logistic regression analysis, www.public.iastate. 
edu/~stat415/ stephenson7stat415_chapter3.pdf adresinden 22 Kasim 2008 tarihin- 
de edinilmi^tir. 

Deryakulu, D. ve Biiyiikoztiirk, §. (2002). Epistemolojiklnan 9 Oh^egi’nin ge 9 erlik ve 
giivenirHk 9 ali§masi. Egitim Ara$tirmalan, 18, 111-125. 

Deryakulu, D. ve Biiyiikoztiirk, §. (2005). Epistemolojik inan 9 oh^eginin faktor ya- 
pisinin yeniden incelenmesi: Cinsiyet ve ogrenim goriilen program tiiriine gore epis¬ 
temolojik inan 9 larm kar^ila^tinlmasi . Egitim Ara§tirmalan, 5 (18), 57-70. 

Field, A. (2005/ Discovering statistics using SPSS (2nd ed.). London: Sage. 

Garson, G. D. (2008). Logistic regression, http://www2.chass.ncsu.edu/garson/ 
PA765/ logistic.htm adresinden 22 Kasim 2008 tarihinde edinilmi^tir. 

George, D., 8cMallery, P. (2000). SPSS for Windows step-by-step: A simple guide and 
reference (2nd ed). Boston: Allyn and Bacon. 

Grimm, L.G., 8c Yarnold, P. R. (Eds.). (1995). Reading and understanding multivari¬ 
ate statistics. Washington D.C.: American Psychological Association. 

Giindogdu,M. (2002). Universite ogrencilerinin bilimsel dii^iinme becerilerinin yor- 
danmasi. Turk Psikolojik Dam§ma ve Rehberlik Dergisi, II (17), 11-18. 

Giircan, M. (1998). Lojistik regresyon analizi ve bir uygulama. Yayinlanmami§ yiiksek 
lisans tezi, Ondokuz Mayis Universitesi, Fen Bilimleri Enstitiisii, Samsun. 

Hair, J. F., Black, W. C., Babin, B., Anderson, R. E., 8cTatham, R. L. (2006). Multi¬ 
variate data analysis (6th ed). Upper Saddle River, NJ: Prentice-Hall. 

Kalayci, §. (Ed.). (2005). SPSS uygulamah $ok degi§kenli istatistik teknikleri. Ankara: 
Asil Yayin Dagitim. 







£OKLUK / Logistic Regression: Concept and Application • 1407 


Kayri, M. ve Okut, H. (2008). Ozel yetenek sinavindaki ba^anya ili^kin risk analizi- 
nin kari§imli lojistik regresyon modeli ile incelenmesi. Hacettepe Universitesi Egitim 
Fakultesi Dergisi, 35, 227-239. 

K 1 I 19 , S. (2000). Lojistik regresyon analizi ve pazarlama aragtt r malar in da bir uygulama. 
Yayinlanmami§ yiiksek lisans tezi, Istanbul Teknk Universitesi, Fen Bilimleri Ens- 
titiisii, Istanbul. 

Kokdemir, D. (2003). Belirsizlik durumlannda karar verme ve problem gozme. Yayim- 
lanmamis doktora tezi, Ankara Universitesi Sosyal Bilimler Enstitiisu, Ankara. 

Leech, N. L., Barrett, K. C., 8 c Morgan, G. A. (2005). SPSS for intermediate statis¬ 
tics: Use and interpretation (2nd ed). Mahwah, NJ: Lawrence Erlbaum Associates. 

Menard, S. (199 S). Applied logistic regression analysis. Thousand Oaks, CA: Sage. 

Mertler, C. A., & Vannatta, R. A. (2005). Advanced and multivariate statistical met¬ 
hods: Practical application and interpretation (3rd ed.). Glendale, CA: Pyrczak Pub¬ 
lishing. 

Miller, A. J. (1990). Subset selection in regression. London: Chapman and Hall. 

Myers, R. (1990). Classical and modern regression with applications (2nd ed). Boston, 
MA: Duxbury. 

Onder, H. ve Cebeci, Z. (2001). Lojistik regresyonlarda degi^ken se 9 imi. (Jukurova 
Universitesi Ziraat Fakultesi Dergisi, 27(2), 105-114. 

Peng, C. Y. J., Lee, K. L., &c Ingersoll, G. M. (2002). An introduction to logistic reg¬ 
ression analysis and reporting. The Journal of Educational Research, 96 (1), 3-14. 

Poulsen, J., 8 cFrench, A. (2008). Discriminantfunction analysis, http://userwww.sfsu. 
edu/~efc/classes /biol710/discrim/discrim.pdf adresinden 22 Kasim 2008 tarihin- 
de edinilmi^tir. 

Schommer, M. (1990). Effects of beliefs about the nature of knowledge on compre¬ 
hension. Journal of Educational Psychology, 82(3), 498-504. 

Seven, Z. (1997). Degigken sefimi yontemi olarak adimsal lojistik regresyon ile adim- 
sal diskiriminant analizinin kargilagtinlmasi. Yayinlanmami§ yiiksek lisans tezi, Gazi 
Universitesi, Fen Bilimleri Enstitiisu, Ankara. 

Stephenson, B. (2008). Binary response and logistic regression analysis, www.public.ias- 
tate.edu / ~stat415/stephenson/stat415_chapter3.pdf. adresinden 22 Kasim 2008 ta- 
rihinde edinilmi^tir. 

§ekercioglu, G. (2008). Fatalizm Ofyeginin geli§tirilmesi: Gegerlik ve guvenirlik $ali§- 
masi. Yayinlanmami§ makale taslagi. 

Tabachnick, B. G., Fidell, L. S. (1996). Using multivariate statistics (3rd ed.). New 
York, USA: HarperCollins College Publishers. 

Tatlidil, H. (1996). Uygulamali gok degigkenli istatistiksel analiz. Ankara: Engin Ya- 
yinlari. 

Tate, R. (1992). General linear model applications. Unpublished manuscript, Florida 
State University. 

Todman, J., & Dugard, P. (2007). Approaching multivariate analysis: An introduction 
for psychology. New York: Taylor 8 c Francis Group. 


